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Abstract: A LC-MS based metabonomics approach for potential biomarkers screening is described. Metabolic pro-
files were acquired by LC-MS technology, and potential biomarkers were filtered by multiple statistical methods.
Data pretreatment includes data normalization and scaling, corrected 80% rule, and dataset division. According to
metabolic patterns, cervical cancer and health group were separated by OPLS. Potential biomarker screening was
performed according to VIP value, significant test and z-score. As a result, fifteen variables were considered as po-
tential biomarker, and their AUC were 0.667—0.956. The fifteen variables correspond to nine compounds, seven of
which were identified as tryptophan, stearic acid, arachidonic acid, and lysoPC (0:0/16:0, 16:0/0:0, 18:1/0:0,
8:0/0:0). It can be concluded that abnormal metabolism of arachidonic acid and lysoPC happened in cervical cancer.

K eywor ds. metabonomics, metabolomics, LC-MS, cervical cancer, cancer biomarker
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