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Table 1 BP Neural networks for the identification ,
of ilex kudingcha
Samples Predicted result Table 2 Competitive neural network for the identification
1 00221 00149 0.0003 00071 Q0117 10270 of 11 samples
2 00061 00406 0.007 0 0 001 1 O 007 0 L 0247 Training step Predicted result
3 00276 00079 0.0112 00037 00035 09967 10 3 3 3 7 7 7 5 2 6 6
4 0 0016 00078 0.001 8 00011 Q9971 0 0098 100 3 7 3 8 4 4 5 2 6 6
5 00095 00226 0.0170 00021 1 0145 0 0202 1000 > 9 105 3 6 8 1 4 11
6 00188 0 0689 0.0066 0 0045 09952 0 0383
7 00027 00615 0.0057 09919 00072 00427
8 00025 00420 0.9909 00025 0 0077 Q0 0328 100, 2 4
9 00252 08573 0.0144 00097 00185 00747 ’
10 1 0220 0 0886 0.0050 0 0045 0 0004 0 0423 >
11 09696 00333 0.0118 00018 00114 00124 1 000 , s
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Artificial Neural Networks for the Identification of Infrared Spectra of
Ilex Kudingcha

PANG Tac-tao, YAO Jiarbin, DU Liming’
Center of Analysis and T est, Shanxi Normal University, Linfen 041004, China

Abstract In order to identify Ilex Kudingcha, two kinds of models of artificial neural networks (ANN), i.e. competitive neural
network and back propagation neural network, were used to analyze their infrared spectra. Ilex Kudingcha samples were collect
ed by Fourier transform infrared ( FT IR) spectra. Twenty five samples were gathered as a train set, and 11 samples as a test set,
then their training was performed using two networks each. The results show that the identification of Ilex Kudingcha from dif
ferent areas can be effectively performed with the com petitive neural network and BP network, but the competitive neural net
work is used in the identification of different grades of Ilex Kudingcha. The results were better in training speed and accuracy
with the competitive neural network. In conclusion, the competitive neural network combined with FTIR spectroscopy is a good

met hod for the identification of Ilex Kudingcha.
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