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Abstract
on Gene Ontology. Most semantic-based applications following a two-step approach include semantic similarity calculations

Semantic similarity calculation is one of the main methods measuring the similarity among gene products based

of paired GO terms and functional similarity calculations of all possible combinations of related GO terms. There are many
studies focused on the semantic similarity calculation in the first step. However, the methods for elevating the similarity of GO
terms to the similarity of proteins are still considered with some problems. In this study, a novel algorithm called weighted
functional similarity calculation (wfcSim) was proposed to address some drawbacks of average-based methods. To analyze
Homo sapiens and Caenorhabditis elegans protein-protein interactions (PPIs) from the Database of Interacting Proteins (DIP),
the analysis by the receiver-operator characteristic (ROC) curves for four functional similarity algorithms, such as Ave and

wfcSim, showed that the wfcSim method was proved the best among the other average methods. Fig 3, Ref 15
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