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Fig 1 Comparison of the measured (a) and reconstructed ( b)

spectra of the calibration data set
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Application of Near Infrared Spectra in the Determination of Water
Soluble Chloride Ion in Plant Samples
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Department of Chemistry, University of Science and Technology of China, Hefei 230026, China

Abstract A new method was proposed to extract relevant information from near infrared(NIR) spectra for multivariate calibra

tion of water soluble chloride ion in complex plant samples. The method is a combination of discrete wavelet transform (DWT)

and least squares support vector regression (LSSVR). After data compression and background removal in NIR spectra by DWT,

the LSSVR approach was used to build NIR spectra regression models on the retained wavelet coefficients. Compared with

partial least square regression (PLSR) and LSSVR, the proposed method is superior both in calculation speed and prediction

accuracy .
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